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Abstract: Earthquake-induced structural pounding may cause major damages to structures, and
therefore it should be prevented. This study is focused on using an artificial neural network (ANN)
method to determine the sufficient seismic gap in order to avoid collisions between two adjacent
buildings during seismic excitations. Six lumped mass models of structures with a different number
of stories (from one to six) have been considered in the study. The earthquake characteristics and
the parameters of buildings have been defined as inputs in the ANN analysis. The required seismic
gap preventing pounding has been firstly determined for specified structural arrangements and
earthquake records. In order to validate the method for other structural parameters, the study has
been further extended for buildings with different values of height, mass, and stiffness of each story.
Finally, the parametric analysis has been conducted for various earthquakes scaled to different values
of the peak ground acceleration (PGA). The results of the verification and validation analyses indicate
that the determined seismic gaps are large enough to prevent structural collisions, and they are just
appropriate for all different structural arrangements, seismic excitations, and structural parameters.
The results of the parametric analysis show that the increase in the PGA of earthquake records
leads to a substantial, nearly uniform, increase in the required seismic gap between structures. The
above conclusions clearly indicate that the ANN method can be successfully used to determine
the minimal distance between two adjacent buildings preventing their collisions during different
seismic excitations.
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1. Introduction

It is obviously seen that an insufficient seismic gap between adjacent structures may provide
damages due to possible collisions between them during seismic excitations. The phenomenon,
which is often called “earthquake-induced structural pounding”, concerns mainly buildings and
bridges [1–6]. It occurs when the gap between structures, or structural members, cannot cover their
relative movements, and the relative lateral displacement exceeds the seismic gap [7–12]. Therefore, the
estimation of a sufficient gap provides a safety zone between adjacent buildings, preventing structural
damage often observed during previous earthquakes [13–15].
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The majority of building codes suggest determining the minimum in-between gap size for
providing enough space in order to prevent building collisions. For this purpose, the absolute sum
method (ABS) and the sum of the squares of the modal response (SRSS) are often used (see [16,17], for
example). The formulae are defined as

S = δi + δ j (1)

S =
√
δi2 + δ j2 (2)

where S is the gap size between buildings, and δi and δ j denote the peak lateral displacement of
building i and j, respectively. Other codes consider the structural height to determine the sufficient
seismic gap between buildings, e.g., the following formula is used [18]:

S = 0.05(hi + h j) (3)

where hi and h j are the heights of buildings i and j, respectively. Some other examples of
recommendations can be found in the codes of different countries:

- Canada: sum of individual peak lateral displacements of structures calculated by elastic analyses;
- Turkey: 3 cm for 6 m of height of the building, and 1 cm should be added for every 3 m of height;
- Australia: more than 1% of the height of the structure;
- Serbia: min. 3 cm and should be increased by 1 cm for every 3 m of the height of the building;
- Peru: 3 + 0.004·(h − 500) cm;
- India: R times the sum of the calculated peak lateral displacements of the structures;
- Egypt: 2 times the sum of the peak displacements of the structures or 0.004 times the height of

the building.

On the other hand, various researchers have generally studied different methods to evaluate the
seismic gap, which is usually less conservative than the critical gap determined by the codes. Some of
them suggest that the structural period and also the damping coefficient must also be considered in
order to calculate the seismic gap. Consequently, the critical distance can be reduced in such a case.
For example, Jeng et al. [19] suggested the equation based on the SRSS formula, which is described as

S =
√
δi2 + δ j2 − 2ρopδiδ j (4)

where ρop is the cross-correlation coefficient determined as [19]:

ρop =
8
√
ζiζ j
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where Ti and T j are the periods of the buildings and ζi and ζ j denote the structural damping ratios (see
also [20]). Recently, Naderpour et al. [21] proposed a new formula for the cross-correlation coefficient,
ρop, as a parameter of Equation (4), based on a cyclic process by using both periods of the buildings, and
investigated the accuracy of the formula for different situations and various models so as to confirm
the formula. In the approach, ρop is defined in the more general form as [21]

ρop =

∣∣∣∣∣∣T j

Ti
− 10.5

(
T j − Ti

)∣∣∣∣∣∣ (6)

Further studies focused on the aspects of the minimum seismic gap between structures preventing
their pounding were also conducted. Der Kiureghian [22] suggested the equation to calculate the
seismic gap based on the structural vibration periods and damping ratios of buildings. Penzien [23]
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recommended using an effective structural period in the formula for the optimum gap size. The
minimum seismic gap between adjacent non-linear structures was analyzed by Garcia [24]. Kasai
et al. [25] used the inelastic vibration phase theory for seismic pounding mitigation. The accuracy
of different criteria for a separation large enough to prevent collisions between nonlinear hysteretic
structural systems was evaluated by Lopez-Garcia and Soong [26]. A number of other studies concerned
also different methods to control relative displacements between adjacent structures, reducing the
pounding hazard by the application of various types of dampers, links, etc. (see [27–31], for example).
Moreover, Anajafi et al. [32] evaluated the adequacy of the seismic gap prescribed by diffident building
design codes and load standards (see also [33–36]). They conducted nonlinear response history analyses
on many buildings with different lateral force resisting systems. Anajafi et al. [32] illustrated that, in
many cases, the seismic gap prescribed by building design codes is exceeded significantly, especially
when soil–structure interaction effects are taken into account.

The aim of the present paper is to show the results of the investigation focused on using an
artificial neural network (ANN) method to conduct the evaluation of the optimum gap size between
adjacent buildings, so as to prevent their collisions during seismic excitations. In the study, two
structures with a different number of stories have been subjected to different earthquake records. To
predict the appropriate distance between structures, the earthquake characteristics and the parameters
of structures have been defined as inputs in the ANN model.

2. Materials and Methods

There are a number of different methods which can be used to predict different types of phenomena,
including decision trees and risk analysis (see [37]), statistics and random algorithms (e.g., [38,39]),
or artificial intelligence and machine learning (e.g., [40]). For the purposes of the present work, the
ANN has been used so as to determine the critical seismic gap between two adjacent buildings with a
different number of stories. The schematic diagram of the ANN model and the detailed flowchart of
its algorithm are shown in Figure 1.
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signals or patterns. This biological neuron system can work collectively to handle more complicated 
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an output. Each neuron is commonly connected with net-like internal weights in which complex 
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Figure 1. (a) Schematic architecture of the artificial neural network (ANN) model, (b) flowchart of the
ANN algorithm.

The details concerning the ANN analysis for a specified set of inputs can be found in a number of
other publications (see [41–47], for example). Nevertheless, in order to describe the methodology of
the method, an input layer is generally made by the ANN, and all of them are coordinated to find an
iterative procedure between each other and automatically are analyzed in the second layer. The cell
body of a neuron is connected to the dendrite of a neighboring neuron. These individual biological
neurons are interconnected with the other neurons through hair-like dendrites. A group of these
neurons can consist of layers of neurons, and a collection of layers can form nerve systems in the
human body. Signal communications between neurons are continuously generated and delivered
from one neuron to the others by firing an electrical signal generated through a chemical reaction. The
other neurons receive the signal through the interfaces with the neighboring neurons, referred to as a
synapse. This system is capable of learning, recalling, and generating an output corresponding to the
external signals. If a system of neurons has a consistent and frequent external signal, its output signal
will be consistent and thus stored in the system. On the other hand, if it is subjected to an insistent or
rare signal, the memory for this type of information may vanish after receiving other signals or patterns.
This biological neuron system can work collectively to handle more complicated learning to illustrate
how the mathematical operations are used to mimic the major biological functionalities. Similar to
biological neurons, a computational neuron has an input, a neuron cell, and an output. Each neuron is
commonly connected with net-like internal weights in which complex knowledge is embedded.

The ANN types can be distinguished by the overall structure, neuron type, training data space,
and learning rules, among others. Each input is weighted with an appropriate weight. The sum
of the weighted inputs and the bias forms the input to the transfer function. Neurons can use any
differentiable transfer function to generate their output. Backpropagation is the generalization of the
Widrow–Hoff learning rule to multiple layer networks and nonlinear differentiable transfer functions.
Since networks with biases, a sigmoid layer, and a linear output layer are capable of approximating any
function with a finite number of discontinuities, input vectors and the corresponding target vectors are
used to train a network until it can approximate a function. Standard backpropagation is a gradient
descent algorithm in which the network weights are moved along the negative of the gradient of
the performance function. The term backpropagation refers to the manner in which the gradient is
computed for nonlinear multilayer networks. There are a number of variations on the basic algorithm
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that are based on other standard optimization techniques, such as the conjugate gradient and Newton
methods. Properly trained backpropagation networks tend to give reasonable answers when presented
with inputs that they have never seen. Typically, a new input leads to an output similar to the correct
output for the input vectors used in training that are similar to the new input being presented. This
generalization property makes it possible to train a network on a representative set of input/target
pairs and get good results without training the network on all possible input/output pairs.

The most common backpropagation training algorithm is Levenberg–Marquardt, which has been
used in this investigation. One hidden layer has been used in the ANN modeling with sigmoid
transfer functions. Before training the selected data, normalization/scaling for the whole data has been
conducted. This has been done since the sigmoid transfer function has been used in the network which
recognizes values between 0 and 1. In order to scale the data from 0.1 to 0.9, minimum and maximum
values have been taken to use linear relationship between those values. In the ANN modeling, 60%
of the whole data has been specified as the training data in which the network could be adjusted
according to its error. Similarly, 20% of the database has been considered as the validating data which
have been used to measure network generalization and to halt training when generalization stops
improving. Finally, the remaining 20% of the whole data has been specified as the testing data which
have no effect on training, providing an independent measure of the network performance during and
after training.

The mean square error (MSE), which is the average squared difference between the outputs and
targets, has been taken as the criterion for stopping the training of the networks. Lower values mean a
better performance of the network (zero means no error). Regression values (R-values) measure the
correlation between the outputs and targets in the networks: an R-value of 1 means a close relationship
and in contrast, 0 means a random relationship. These two criteria (MSE and R-values) have been
considered as the basis for selecting the idealized network.

The natural periods of structures, peak ground acceleration (PGA) of earthquake records, height
of buildings, and peak lateral displacements of independently vibrating structures have been defined
as inputs in the analysis. These chosen variables (as the representatives of the structural properties
and the characteristics of earthquake records) have been considered as the input signals for the neural
network and it has been tried to generate some data by repeating the analysis for some ground motions
and also buildings with different heights and periods in order to form a generalized database by which
the target (critical separation gap) could be predicted. For instance, the maximum lateral displacement
is the maximum displacement obtained from a time history analysis under a certain earthquake record.
In each analysis, the required separation gap has been computed using a trial-and-error procedure.

The analysis has been focused on adjacent reinforced concrete regular buildings with a square plan
of 20 × 20 m (see [36] to see how irregularity changes the displacement response). The height, mass, and
stiffness of each story for them are equal to h = 3 m, m = 30,000 kg, and k = 2 × 106 kg/m, respectively.
Lumped mass models of structures, with the mass of each story lumped at the floor level, have been
considered. Six models with a different number of stories (from one to six) have been analyzed. Their
elastic (un-cracked) natural vibration periods, which depend directly on structural stiffness and mass,
have been calculated as equal to T = 0.544 s, 1.24 s, 1.73 s, 2.215 s, 2.93 s, and 3.38 s for single-story,
two-story, three-story, four-story, five-story, and six-story buildings, respectively. Two structures have
been considered to be located close to one another, taking into account all possible combinations from
the point of view of the different number of stories. The example of the arrangement, denoted as 3-2,
indicating a three-story building adjacent to a two-story structure is presented in Figure 2.
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It should be underlined that this study uses linear elastic numerical models. Previous studies
have shown that inelastic behavior can significantly increase the lateral displacement responses of
low-rise (short-period) buildings; whereas, for tall (long-period) buildings, inelastic behavior can
reduce the lateral displacement responses to some extent (see [48–51] for example). Therefore, the
results of the present study are valid for the case of buildings responding elastically. Moreover, in this
study, soil–structure interaction effects are neglected assuming that the soil underneath the foundations
is infinitely rigid. The inherent damping of the building is modeled using 5% Rayleigh damping. This
assumption provides reasonable results when the building responds elastically. For the case of inelastic
buildings, modified versions of Rayleigh damping have been proposed in the literature (see [52–55]).

Six different earthquake records have been used in the analyses, i.e., the Tabas, Imperial Valley,
Loma Prieta, Landers, Kobe, and Kocaeli earthquakes (see Table 1 for details). The peak lateral
displacements of independently vibrating buildings under each seismic excitation have been firstly
determined. The analysis has been conducted using a Matlab-based software. The results of the time
history dynamic analysis are summarized in Table 2. The graphical representation of the results is also
shown in Figure 3.

Table 1. The properties of earthquake records used in the analysis.

Earthquake Date Magnitude Station PGA (cm/s2)

Tabas 1978 7.4 Tabas 821
Imperial Valley 1979 6.5 Calexico 284

Loma Prieta 1989 6.9 Presidio 360
Landers 1992 7.3 Baker 765

Kobe 1995 7.2 JMA 338
Kocaeli 1999 7.6 Sakarya 369

Table 2. Peak lateral displacements of buildings under different earthquake records (cm).

Building Imperial Valley Kobe Loma Prieta Kocaeli Landers Tabas

Single-story 10.25 5.66 15.1 18.63 20.86 20.67
Two-story 14.15 14.11 31.9 39.58 44.83 38.72

Three-story 26.62 10.32 32.1 55.1 60.65 38.95
Four-story 38.06 15 40.24 56.4 50.94 77.81
Five-story 43.57 8.8 40 23.73 22.87 57.52
Six-story 33.52 16.85 50.5 27.67 30.74 43.51
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3. Results

Using the ANN, with the schematic diagram of the model and the detailed flowchart of its
algorithm shown in Figure 1, the required seismic gap preventing pounding between adjacent
structures has been determined for different structural arrangements and earthquake records. The
results of the analysis are summarized in Table 3. Moreover, the graphical relation between the required
seismic gap and the PGA of ground motions considered in the ANN analysis for different structural
arrangements are also presented in Figure 4.

Table 3. Required seismic gap obtained from the analysis using ANN (cm).

Arrangement Imperial Valley Kobe Loma Prieta Kocaeli Landers Tabas

1-1 0 0 0 0 0 0
1-2 15.5 12 28 25 25 40
1-3 20.2 10.5 33 25 30 35
1-4 24.1 8 32 35 30 40
1-5 18 8 22 23 30 40
1-6 17 8 25 25 25 30
2-1 15.5 12 28 25 25 40
2-2 0 0 0 0 0 0
2-3 25 22 50 70 70 63
2-4 40 19 52 72 72 65
2-5 29 15 48 58 53 67
2-6 30 18 45 50 56 55
3-1 20.2 10.5 33 25 30 35
3-2 25 22 50 70 70 63
3-3 0 0 0 0 0 0
3-4 55 15 60 90 85 90
3-5 50 13 60 63 70 80
3-6 48 14 47 70 60 60
4-1 24.1 8 32 35 30 40
4-2 40 19 52 72 72 65
4-3 55 15 60 90 85 90
4-4 0 0 0 0 0 0
4-5 65 17 65 65 75 80
4-6 55 25 73 74 65 65
5-1 18 8 22 23 30 40
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Table 3. Cont.

Arrangement Imperial Valley Kobe Loma Prieta Kocaeli Landers Tabas

5-2 29 15 48 58 53 67
5-3 50 13 60 63 70 80
5-4 65 17 65 65 75 80
5-5 0 0 0 0 0 0
5-6 56 26 74 74 67 69
6-1 17 8 25 25 25 30
6-2 30 18 45 50 56 55
6-3 48 14 47 70 60 60
6-4 55 25 73 74 65 65
6-5 56 26 74 74 67 69
6-6 0 0 0 0 0 0
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Figure 4. Required seismic gap with relation to the peak ground acceleration (PGA) of earthquake
records for different structural arrangements.

It can be seen from Table 3 that zero seismic gaps have been obtained for the cases when two
identical buildings (arrangements: 1-1, 2-2, 3-3, 4-4, 5-5, 6-6) have been considered under different
earthquakes. This situation results from the fact that the ground motions acting on both structures
have been considered to be uniform and the in-phase structural vibrations take place in such a case. It
should be underlined, however, that the out-of-phase vibrations of identical structures (with exactly
the same heights and natural periods) might occur in reality if the spatial seismic effects related to
the propagation of the seismic wave play an important role [56,57]. These effects, which result in
non-uniform earthquake excitation, include the following: difference in the arrival times of seismic
wave at various locations (wave passage effect), loss of coherency of seismic wave due to scattering
in the heterogeneous medium of the ground as well as due to differential superimposition of waves
arriving from an extended source (incoherence effect), and spatially varying local soil conditions (site
response effect) [58].

4. Verification

The results concerning the required seismic gap preventing pounding between adjacent structures
(Table 3 and Figure 4) have been extensively verified for different structural arrangements and
earthquake records. In this section, a representative example of the verification analysis is presented.
It concerns a two-story building (hi = 6 m, Ti = 1.24 s) located close to a five-story structure (hj = 15 m,
Tj = 2.93 s) which are exposed to the Imperial Valley (PGA = 284 cm/s2), Kocaeli (PGA = 369 cm/s2),
and Tabas (PGA = 821 cm/s2) earthquakes. The peak lateral displacements of independently vibrating
buildings are equal to 14.15, 39.58, and 38.72 cm for the two-story structure, and 43.57, 23.73, and
57.52 cm for the five-story building under the Imperial Valley, Kocaeli, and Tabas earthquake records,
respectively (see Table 2). The required seismic gap preventing pounding between adjacent structures
obtained from the ANN analysis is equal to 29, 58, and 67 cm, respectively (see Table 3). The response
time histories for both buildings are shown in Figure 5 for all three seismic excitations. It should be
explained in this place that the initial distance, equal to the calculated seismic gap (i.e., 29, 58, 67 cm),
has been introduced between two time histories of both structures in the figure in order to trace their
relative displacement easily and check whether they collide during the time of the earthquake. It can be
seen from Figure 5 that the calculated seismic gap is really large enough to prevent structural collisions,
and it is just appropriate for the three cases of ground motions. The same conclusion has been obtained
for all other structural arrangements and seismic excitations. In some cases, the seismic gap has been
calculated to be so small that adjacent buildings are able nearly to touch each other during the time of
the earthquake, and also zero gap sizes have been determined for identical structures. It has to be
underlined, however, that the possible overlapping between the time histories of the two adjacent
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buildings has never been observed, indicating that pounding has not taken place. The above confirms
the accuracy of the methodology based on the ANN which has been applied in the verification analysis.
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Figure 5. Examples of the results of the verification analysis for a two-story building located close to a
five-story structure (arrangement 2-5) under three earthquake records: (a) Imperial Valley earthquake,
seismic gap: 29 cm, (b) Kocaeli earthquake, seismic gap: 58 cm, (c) Tabas earthquake, seismic gap:
67 cm.
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5. Validation

In order to validate the method for other structural parameters, the study has been further
extended for buildings with different values of height, mass, and stiffness of each story for both
buildings. This section presents a representative example of the validation analysis conducted for the
following values: h = 3 m, m = 34,350 kg and k = 1.2·106 kg/m. It concerns a single-story, two-story,
four-story, and five-story building located close to a three-story structure which is exposed to the
Loma Prieta earthquake record (PGA = 360 cm/s2). The natural vibration period for the single-story,
two-story, four-story, and five-story structures is equal to 0.75, 1.72, 3.06, and 3.55 s, while the peak
lateral displacement of the independently vibrating left building is equal to 23.34, 28.16, 43.18, and 45.36
cm, respectively. On the other hand, the natural vibration period and the peak lateral displacement of
the independently vibrating three-story right building is equal to 2.38 s and 26.08 cm, respectively.
The required seismic gap preventing pounding between adjacent structures has been calculated from
the ANN analysis as equal to 33.9, 33.0, 52.6, 56.26 cm, for the arrangement 1-3, 2-3, 4-3, and 5-3,
respectively. The examples of the response time histories for both buildings separated by such gap
sizes are shown in Figure 6. It can be seen from the figure that the calculated seismic gap is really
large enough to prevent structural collisions, and it is just appropriate for the Loma Prieta earthquake.
The same conclusion has been obtained for all other structural arrangements, seismic excitations, and
structural parameters. In some cases, the seismic gap has been calculated to be so small that adjacent
buildings are able nearly to touch each other during the time of the earthquake. It has to be underlined,
however, that the possible overlapping between the time histories of the two adjacent buildings has
never been observed, indicating that pounding has not taken place. The above confirms the accuracy
of the methodology based on the ANN which has been applied in the validation analysis for different
cases and conditions.
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Figure 6. Examples of the results of the validation analysis under the Loma Prieta earthquake record:
(a) arrangement 1-3, seismic gap: 33.9 cm, (b) arrangement 5-3, seismic gap: 56.26 cm.

6. Parametric Analysis

In the final stage of the investigation, a parametric analysis has been conducted for various
earthquakes scaled to different values of the PGA. This section presents a representative example
of the analysis conducted for the following values: h = 3 m, m = 34,350 kg, and k = 1.2 · 106 kg/m
(compare previous section). It concerns a single-story building located close to a two-story, three-story,
four-story, and five-story structure. Using the ANN, the required seismic gap preventing pounding
between adjacent structures has been determined for different structural arrangements and seismic
excitations scaled to different values of the PGA. The results of the parametric analysis are shown in
Figure 7 (vertical lines in the figure refer to the original PGA levels of specific earthquakes). It can be
seen from the figure that the increase in the PGA of earthquake records leads to a substantial, nearly
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uniform, increase in the required seismic gap between structures, which mainly results from larger
lateral structural displacements. Figure 7 indicates that the smallest values of the seismic gap have
been obtained for arrangement 1-5 under the Kobe earthquake record. On the other hand, the largest
in-between gap sizes have been determined for arrangement 1-2 for the Tabas seismic excitation.
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Figure 7. Examples of the results of the parametric analysis under various earthquakes scaled to
different PGA values.

7. Concluding Remarks

The results of the investigation focused on using the ANN method to conduct the evaluation
of the optimum gap size between adjacent buildings so as to prevent their collisions during seismic
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excitations have been shown in the paper. In the study, two adjacent structures have been subjected to
different earthquake records. Six lumped mass models of buildings with a different number of stories
(from one to six) have been considered. The earthquake characteristics and the parameters of buildings
have been defined as inputs in the ANN analysis.

Using the ANN, the required seismic gap preventing pounding between adjacent structures has
been firstly determined for specified structural arrangements and earthquake records. The obtained
values have been extensively verified. The results of the verification analysis show that the seismic
gaps are large enough to prevent structural collisions, and they are just appropriate for all considered
structural arrangements and seismic excitations which confirms the accuracy of the method applied.

In order to validate the method for other structural parameters, the study has been further
extended for buildings with different values of height, mass, and stiffness of each story for both
buildings. The results of the validation analysis indicate that the calculated seismic gaps using the
ANN method are large enough to prevent structural collisions, and they are just appropriate for all
other structural arrangements, seismic excitations, and structural parameters which validates the
accuracy of the method applied for different cases and conditions.

Finally, the parametric analysis has been conducted for various earthquakes scaled to different
values of the PGA. The results of this analysis show that the increase in the PGA of earthquake records
leads to a substantial, nearly uniform, increase in the required separation gap between structures,
which mainly results from larger lateral structural displacements.

The above conclusions clearly indicate that the ANN method can be successfully used to determine
the minimal distance between two adjacent buildings preventing their collisions during different
seismic excitations.
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